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Abstract

Corporate philanthropy has been increasing in Western democracies in recent decades,
a rise often explained by the development of tax policies offering substantial in-
centives to donate to charities. Yet, corporate philanthropy is also increasingly
perceived as a mean to influence politics. In this paper, we estimate the tax price
elasticity of corporate donations, and investigate how it differs depending on the
recipients’ purposes. To do so, we use an exhaustive administrative panel data set
on firms’ tax returns in France from 2013 to 2022, including the identity of the
charities that benefit from the donations. We exploit two reforms that affect the
price of donations for firms. We document significant bunching around two ma-
jor regulatory thresholds, and shows that there is heterogeneity depending on the
identity of the beneficiary.
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1 Introduction

Corporate philanthropy has been on the rise in Western democracies in recent decades,
with firms increasingly engaging in charitable giving ( , ). In
the US, corporate donations increased from 0.093% of GDP in 1982 to 0.12% in 2022; in
France, they jumped from 0.05% of GDP in 2010 to nearly 0.10% in 2022 ( , ).

Economic literature provides various explanations for this trend, suggesting that firms
use philanthropy to influence politics ( , ), appeal to customers and
employees through pro-social behavior ( , ), and finance private interests of the
board ( , ). Many countries incentivize charitable giving through a
favourable tax treatment, aiming to support the private provision of beneficial goods and
services. While these incentives may be crucial for underfunded nonprofit organizations,
they raise questions about the effectiveness and efficiency of leaving significant financial
decision-making in the hands of private actors rather than the state. Furthermore, these
tax incentives represent a considerable expense to the government in terms of forgone
income, making it essential to evaluate their effectiveness for public policy. Yet, while
there is a large literature on the price elasticity of individual giving (see e.g.

, ; , ; : ; , );
very little is known on the effects of tax incentives on corporate contributions. First,
the existing public finance literature on corporate contributions is mostly inconclusive
( , ). Further, the extent to which the tax elasticity of corporate
donations may vary with the donor motivations — and the purposes supported — has been
completely overlooked.

This paper aims at filling these gaps. Estimating the tax price elasticity of charita-
ble donations by firms pose significant empirical challenges, particularly due to reverse
causality. In order to address these issues, we leverage administrative firm-level panel tax
data and proposes novel empirical strategies exploiting two tax reforms that took place
in France in recent years. Then, using unique non-publicly available data on the identity
of the recipients, we investigate the heterogeneity of the tax-price elasticity depending on
the purposes of the charities. Our dataset is an exhaustive annual panel dataset of all the
French firms filing tax returns between 2003 and 2022, and includes detailed information
on the charitable donations they claimed to receive tax deductions.

In France, corporate charitable contributions has benefited from a favorable tax treat-
ment since 1987. Since 2003, this tax treatment has taken the form of a non-refundable
corporate income tax credit. Until 2018, the non-refundable tax reduction (equal to 60%
at the time) was capped at 0.5% of the firms’ annual turnover. We first exploit a 2018

reform aimed at encouraging smaller firms to donate, which allowed firms to deduct 60%



of their charitable contributions within the limit of 0.5% of their turnover or €10, 000,
whichever is higher. Second, we exploit a 2019 reform that further increased small firms’
incentives to donate by increasing the donation ceiling from €10, 000 to €20, 000 (or 0.5%
of the turnover, as before).

To identify the causal impact of these reform, we use two different empirical strategies.
First, we investigate the responsiveness of the firms at the intensive and at the extensive
margin to the change in the maximum donation amount using a continuous Difference-in-
Differences approach, where the continuous treatment is the firm-specific increase in the
amount it can give following the reform(s). For the sake of comparability, we only include
in the control group the firms whose turnover is below €6 million. Importantly for the
validity of our empirical strategy, we show that the firms that were and were not affected
by the reforms were following parallel trends with respect to their charitable donations
before the reform. We show that, while treated firms increase the average amount they
give following the reform, there is no extensive margin response.

Second, following seminal work by ( ), we estimate whether
there is bunching at the donation ceilings and derive the elasticity of corporate giving
to the tax rate. Beforehand, we document significant round-number bunching (e.g. at
€10,000 and €20,000). Next, we show that over 2020-2022, treated firms at the €20, 000
threshold have an elasticity of 0.28, from which we recover the “pure” effect of the tax-
related bunching. According to our estimates, a 10% increase in the tax credit rate leads
to a 2% increase in the average amount donated.

Finally, we exploit a unique feature of our data to investigate whether this tax elas-
ticity varies with the purpose of the donations. For the years 2019-2022, we indeed have
itimised donation data for the firms who make more than €10, 000 in donations in a year.
With this information, we are first able to characterize what types of firms give to which
type of non-profit organizations (NPOs). To do so, we rely on the purpose of these NPOs
to which we apply a machine learning algorithm (Ridge classifier). Second, we compute
firms’ elasticity depending on the charitable sector. We document in particular higher

bunching for charities related to politics.

Literature review Despite the growing importance of corporate donations, the liter-
ature on charitable giving by firms is still relatively scarce. In particular, there is few
evidence on the tax price elasticity of charitable giving for firms, and the existing lit-
erature is mostly inconclusive. In the UK context, ( ) find that
the relationship between tax rates and corporate charitable giving is non-linear and non-
monotonic, following an inverted U-shape, but their estimates rely on a small sample of

295 firms. In the US context, ( ) find that corporate donations



decline when income tax increases. However, while they use administrative micro data,
they only rely on a sample of corporate income tax returns. Overall, as highlighted by
( ) who survey 162 academic papers on corporate philanthropy,
not only there are only a few studies that investigate for a corporation tax effect, but
overall the existing literature is mostly inconclusive. Hence, our first contribution to the
literature is to provide the first estimation of the tax price elasticity of corporate giving
using a exhaustive administrative panel data of firms.
Compared to the large literature that estimates the tax-price elasticity of individual
giving (see , : , : , :

, ; , , among others), we contribute by providing the
first elasticity of giving (of firms or individuals) depending on the recipients of giving.
Furthermore, there is no reason to belief that firms and individuals will have similar
giving behaviors and elasticities.

We also contribute to the recent literature that has shown that, at least in the U.S.
context, corporations sometimes use giving as a means to influence politics (see in partic-
ular , , ), by providing evidence on the heterogeneity of bunching

depending on the purposes of the recipients.

The rest of the paper is organized as follows. In Section 2 below, we provide historical
background on tax deductions for corporate charitable contributions in France, and de-
scribe the tax reforms that took place during our period of interest. Section 3 describes
the data and provides descriptive statistics, and we present our empirical strategy in

Section 4. In Section 5, we present and discuss the results. Finally, Section 6 concludes.

2 Institutional Setting

Our is to identify the price elasticity of firms’ charitable donations. To this end, we
leverage two tax reforms implemented in 2018 and 2019 which changes the tax schedule
of French firms differently depending on their sales revenues. We here start by describe
the French regulatory background for corporate donations and then provide an overview

of the reforms.

2.1 The tax treatment of corporate philanthropy before 2018

As of today, corporate charitable donations are highly incentivized in France. Over last
decades, four major reforms have shaped the tax incentives of firms regarding charitable
donations. As a result, the tax treatment of charitable giving is now among the most
generous of OECD countries [REFXXX].



The French corporate income tax The French Corporate income tax ( “impdt sur
les sociétés”) was created in 1948, with an initial rate of 50%, which now stands at 25%.
The statutory rate was 33.3% from 1993 to 2018, and has since been gradually lowered
to reach 25% in 2022.!

The 1987 “Loi Léotard” The first major legislative reform regarding corporate do-
nations was the 1987 Loi Léotard?, which created the first tax incentives for charitable
donations in France and laid the groundwork for the current tax framework. This law
allowed firms to claim tax deductions for charitable contributions up to 0.2% of their
taxable income for donations to public interest organizations (e.g., philanthropic, edu-
cational, environmental,etc). This cap was set at 0.3% for donations to a smaller set of
higher education or artistic institutions. Firms donating more than the cap are allowed
to carry the outstanding amount forward over five years.

Importantly, this law established the criteria for eligible charitable organizations, stip-
ulating that beneficiary associations and foundations must be of general interest, with

philanthropic, educational, scientific, artistic, or social purposes®.

The 2003 “Loi Aillagon” In 2003, the Loi Aillagon® introduced a 60% non-refundable
tax credit for corporate charitable contributions, capped at 0.5% of the firms’ annual
revenues. At a time when the statutory corporate income tax rate stood at 33.3%, it
replaced a tax reduction by a tax credit whose rate was higher — 60% — and increased the

maximum deductible amount from 0.2% of sales revenues to 0.05%.

2.2 The 2018 and 2019 reforms

In this paper, we use two reforms that changed the tax credit schedule to estimate the

price elasticity of charitable contributions.

2018 — increase in the tax credit cap and reporting requirements In 2018,
the Cour des Comptes — the French equivalent of the U.S. Government Accountability
Office or the UK National Audit Office — issued a report on corporate philanthropy. This
report emphasized the small share of SMEs making donations relative to larger firms and

highlighting that is may be due to the 0.05% cap being too low for firms with low levels

1Since 2002, SMEs can further benefit from a reduced statutory rate on their profits up until a
threshold. For more details, refer to ??.

2 Article 238 bis du Code Général des Impots, July 24, 1987

3The organisms in question must be based in France or the European Union.

4Law No. 2003-709 of August 1, 2003



of sales.”

In this context, the 2018 reform brought two important changes.® The first and most
important one was the increase of the 0.5% cap for small firms. Specifically, the reform
allowed firms to deduct charitable donations of an amount up to 0.5% of their annual
revenue or €10,000, whichever is higher. The tax credit rate remained unchanged and
equal to 60%.” Hence, this reform allowed all the firms with an annual revenue below €2
million to increase the amount of corporate donations they could itemize (this amount is
unchanged for firms with an annual revenue of €2 million or above).®

Second, the law introduced additional reporting requirements for firms claiming tax
deductions for charitable donations.” From January 1, 2019, any firm making more than
€10,000 in donations eligible for tax reduction during a fiscal year is required to complete

U This form must include the name

a detailed declaration form for their donations.!
and address of the recipient organization, as well as the date and precise amount of each
donation. Thanks to this form, since 2019, the fiscal administration compiles for each year
each pair of donor and beneficiary, along with the associated amount, provided that the
total exceeds the €10,000 threshold. This results in a unique opportunity to investigate

the response of firms to tax incentives based on the characteristics of beneficiaries.

2019 — increase in the tax ceiling and decrease in the deduction rate The 2019
reform introduced further changes.!! First, it raised the maximum threshold for smaller
firms from €10,000 to €20,000 (or 0.5% of the turnover, whichever is higher, as before).
This implies that firms with annual revenues below €4 million could claim up to twice
as much tax credit starting in 2020.'? Figure 1 summarizes the change in the tax credit
base induced by the 2018 and the 2019 reforms.

Second, the reform changed the marginal tax credit rate for donations exceeding €2

million for firms with more than €40 million in sales (and for which the maximum amount

5“Faced with the pre-eminence of large companies, the more marginal role of SMEs and VSEs is
the subject of regular questioning by actors in the voluntary and philanthropic sector. These questions
mainly concern the potential obstacle posed by capping the tax reduction at 0.5% of pre-tax turnover
[...]7 Le Soutien public au mécénat des entreprises: un dispositif & mieuz encadrer, Cour des Comptes,
November 2018.

6Law No. 2018-1317 of December 28, 2018, on the Finance Act for 2019.

7 Article 148.

8 As an illustration, one can consider a firms with sales equal to €1 million. Before the 2018 reform,
this firm would have been able to claim up to €3,000 of tax credit (60% of 0.5% of €1 million). After
the reform, this firm could claim up to €6,000 of tax credit (60% of €10,000).

9Articles 148 and 149.

10These donations can be made to several different institutions, or in multiple payments, as long as
the annual sum exceeds €10,000.

HTLaw No. 2019-1479 of December 28, 2019 for 2020, Article 134.

12F g., while under the pre-2019 framework, firms with an annual revenue below (or equal to) €2
million could claim up to €10,000 in tax reduction, post-reform, they could now claim up to €20, 000.
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Figure 1: Change in the tax credit eligibility cap

eligible to the tax credit exceeds €2 million)."* Up to €2 million of donation, the tax
credit rate is 60%, as before, but drops to 40% past €2 million. Figure 2 illustrates the

change in the price for large donations following this reform.

3 Data and descriptive statistics

This paper uses confidential data sourced from the General Directorate of Public Finance,
with access facilitated through the secure environment provided by the CASD (“Centre
d’acces sécurisé aux données”). We rely on three different administrative datasets that we
describe in turn in this section, and that we complement by adding information regarding

the purpose of the recipient charities.

3.1 Administrative corporate tax data

Firms’ donations (MVC Mécénat) We first rely on the MVC Mécénat dataset'?,
which encompasses all movements related to corporate tax receivables as a result of
charitable donations. The dataset provides detailed information about the company, such
as the firm identifier, company name, as well as specifics regarding the tax receivables,

including the amount, nature of the movement, year of initialization, year of settlement,

13 Article n°238 of the General Tax Code
HMVC stands for “Mouvements sur créances de crédit d’impoét”, i.e. changes in tax credit receivable.
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Figure 2: Change in the marginal tax credit rate

and nature of the receivable. From this data, we are able to calculate the precise amount
firms have given and deducted in each year.
Figure 3 plots the evolution of the share of firms declaring a charitable donation

between 2003 and 2022. It steadily increases in recent years and reaches 14% in 2022.

Donors’ characteristics (BIC IS-RN) We merge this dataset to the BIC IS-RN'?|
i.e. an exhaustive dataset of firm corporate tax declarations from 2003 to 2022, using the
firm identifier (SIREN).'® This dataset contains annual detailed information on the firms

(including their location, size, industry, profits, deficit, revenue and payroll).

3.2 Recipients’ characteristics (2069-RCI)

Following the 2018 reform, firms who claim a deduction on donations exceeding €10, 000
have to fill out a complementary form — the 2069-RCI'" —, in which they must specify
information on each of the beneficiaries of their donations that year. The resulting dataset
covers the years 2019 to 2022. The data includes the firm name, identifier (SIREN),

I5BIC stands for “Bénéfices industriels et commerciauz”, i.e. Industrial and commercial profits. In
France, firms are subject to one of two different tax regimes: income tax (“impét sur le revenu”) or
corporate tax (“impdt sur les sociétés”, where the name BIC IS (for “impdt sur les sociétés”) RN (for
“régime normal”). The difference between the two does not matter in our context given that the laws
regarding charitable giving are applied in the same manner to both tax regimes.

6The firm identifier or SIREN is unique to each firm, and common across all administrative datasets,
allowing us to merge each dataset easily.

17Standing for “Réductions et crédits d’impét”, i.e. tax reductions and credits
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Notes: The figure plots the evolution of the share of firms who declare a charitable donation on their tax
form from 2003 to 2022. The data on the number of firms giving comes from the MVC Mécénat dataset,
and the share is computed by normalizing this number by the total number of firms filing corporate tax
returns from the BIC IS-RN.

Figure 3: Evolution of the share of firms declaring a charitable donation on their tax form, 2003-2022

address, the amount donated, the date of the donation, the beneficiary name, address,
and if available the beneficiary identifier.

Using the beneficiary names, we recover their declared purpose by matching their
names to the French national directory of associations (“Répertoire National des Asso-
ciations” — RNA), the repository of all the non-profit organizations, which contains the
association’s declared purpose (see e.g. , ; , ). This allows us to
categorize the associations into 15 different categories, broadly based on the categories
from ( ) and from observed latent categories. The categories are: (i) Sports,
(ii) Coluche, (iii) Health, (iv) Solidarity, (v) Public Services, (vi) Education, (vii) Uni-
versities, (viii) Environmental, (ix) Culture, (x) Politics & International Relations, (xi)
Research, (xii) Animal Welfare, (xiii) Religion, (xiv) Finance, and (xv) Philanthropy.

More precisely, to do so, we select a random subset of 2,000 associations, which we
manually classified into these 15 categories. We then use a machine learning algorithm
(the Ridge classifier) to automatically classify the remaining associations. As appears
clearly in Figure 4, while in terms of number of charities concerned, sport appears has
the most supported sector, we see that on average sport charities tend to receive smaller
amounts. Politically-involved charities represents in 2022 up to 3.7% of all the amount

received (sub-Figure 4c).
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4 Empirical strategy

In this section, we present the novel empirical strategies we develop to estimate the tax
price elasticity of corporate donations, using both the 2018 donation reform and the 2019

one.

4.1 Difference-in-Differences

In order to analyze the impact of the 2018 reform increasing the charitable donation
ceiling, we employ a Difference-in-Differences (DiD) approach. We focus our analysis on
the years 2015-2022, as the reforms increasing the donation ceiling were enacted in 2018
and 2019 (for the 2019 and 2020 fiscal years, respectively), and 2022 is the final year in
our dataset.

In our Difference-in-Differences estimation, we employ a continuous treatment vari-
able that reflects the cap imposed on firms’ charitable donations at any given point. Using
a continuous treatment intensity enables us to capture the varying levels of exposure to
the policy change across firms while incorporating the two reforms and their differential
effects. This approach allows for a more nuanced analysis of the reform’s impact, recog-

nizing that firms with higher revenues face larger caps and, consequently, have different



incentives to donate.
Specifically, the treatment intensity is determined by the firm’s annual sales and the

cap thresholds established in the tax reforms in the following manner:

0.5% x sales, if year < 2018,
log(cap;;) = { max(10,000,0.5% x sales), if year = 2019, (1)
max (20,000, 0.5% x sales), if year > 2020.

The sample used for the DiD estimation consists of a balanced panel of firms with
2018 sales below €6 million, excluding firms that are part of a corporate group (i.e.,

parent or subsidiary firms).'® We can thus estimate the following model:

D;, = my + m (Treatment Intensity x post) + X]’-’tBQ + 1+ Y+ €, (2)

where D;; represents the dependent variable for firm j at time ¢. For our dependent vari-
able, we use three different specifications: the log of the amount donated (encompassing
both margins), an indicator variable equal to one if the firm declares a positive donation
and zero otherwise (extensive margin), and the amount donated conditional on giving
(intensive margin).

The variable Treatment Intensity is the cap-based measure of the treatment, and
post is a binary variable indicating the post-reform period. The vector X;; includes
firm-level covariates, such as the log of average wages and the firm sector,' to control for
firm-specific characteristics that may influence charitable giving behavior. The equation
includes firm fixed effects (1;) and time fixed effects () to control for unobserved het-
erogeneity across firms and over time. The error term is denoted by €;; and is clustered
at the firm level.

Our main independent variable of interest, Treatment Intensity; x Post;, is the inter-

action term capturing the treatment effect post-reform.

4.2 Instrumental Variable Approach

To address potential endogeneity in the treatment variable—the cap on deductible do-
nations—we employ an instrumental variable approach. The estimation proceeds in two
stages. In the first stage, predicted values of the donation ceiling are generated based on
pre-reform firm sales. Lagged base-year sales serve as instruments to mitigate concerns

of reverse causality, following a flexible spline specification to control for the non-linear

18The analysis is also robust to alternative sample definitions, including excluding firms with 2018
sales below €1 million.
19 As determined by INSEE, the French National Institute for Statistics and Economic Studies.
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relationship between firm size and donation behavior. In the second stage, we estimate
the effect of the predicted ceiling on donation amounts, separately analyzing the prob-
ability of donating (extensive margin) and the log of donation amounts conditional on

positive donations (intensive margin).

4.2.1 First Stage: Predicted Cap

The first stage uses predicted caps based on pre-reform sales (2017-2019) as instruments

for the observed caps. The first-stage regression is specified as:

log(cap;,) = mo—+m log(cap?y )+ log(cap;y'®) + mslog(cap?y”) + X ,ma 4 154 72 + €51

(3)

Y are the predicted caps for each year prior to the reform, X', is a vector

where capy
of firm-level controls, including the log of average wages, sector fixed effects, and a 5-
spline function of 2018 log sales to flexibly control for firm size, p; and v, are firm and

year fixed effects, respectively, and ¢;, is the error term.

4.2.2 Second Stage: Causal Effect on Donations

The second-stage regression estimates the effect of the cap on corporate donations, con-

trolling for other firm-level characteristics:

Yiu = Bo+ Brlog(cap;,) + X, o + ptj + v + €4, (4)

where y;, is the outcome variable of interest, representing firms’ donation behavior.
The predicted cap, cap,,, serves as an instrument for the observed cap, ensuring iden-
tification of the causal effect of the reform. We incorporate lagged predicted caps (e.g.,
from 2017, 2018, and 2019) to account for baseline firm sales and pre-reform variations

in donation behaviors.

4.3 Bunching Analysis

To further firm behavior in response to the charitable donation thresholds introduced
by the French tax reforms, we employ a bunching estimation following the methodology
of Kleven and Waseem (2013). Specifically, we focus on the two distinct thresholds
set by the reforms: €10,000, implemented in 2019, and €20,000, implemented in 2020.
For each threshold, we distinguish between treated firms—those whose donation caps
are determined by the new threshold—and control firms, whose donation limits remain

governed by pre-reform rules. For the €10,000 threshold, the treated firms are all firms

11



whose annual sales are below €2 million, while for the €20,000 threshold, the treated
firms are those whose annual sales are below €4 million.

Bunching analysis enables us to identify behavioral responses to the reform by exam-
ining the distribution of donations near the specified thresholds. Firms facing a donation
cap may exhibit excess mass at the threshold, reflecting an incentive to cluster donations
at this limit to maximize the tax benefits associated with charitable giving. The pres-
ence and magnitude of this bunching serve as a proxy for the elasticity of donations with
respect to the tax incentives created by the reform.

The estimation procedure begins with constructing the counterfactual donation distri-
bution that would have prevailed in the absence of the threshold effects. This counterfac-
tual is approximated by fitting a flexible polynomial to the observed donation distribution
while excluding the region surrounding the threshold where bunching is anticipated. We
exclude a window of €500 on either side of the threshold in question. Additionally, we
bootstrap the standard errors using 100 replications. Excess mass is then calculated
as the difference between the observed density of donations at the threshold and the
predicted density from the counterfactual distribution.

To calculate the elasticity of donations with respect to the tax incentives, we use the

following equation:

—b/z*
log(1 — £T)

where b is the excess mass (the observed density of donations at the threshold minus
the predicted density), z* is the threshold (€10,000 or €20,000), 7 is the rebate rate (in

this case 0.6). This formula captures the proportional response of donations to the change

Elasticity =

(5)

in the threshold, providing a direct measure of firms’ sensitivity to tax incentives.

By separately analyzing the bunching behavior at €10,000 and €20,000 thresholds,
we are able to assess firms’ responsiveness to varying levels of tax incentives and explore
heterogeneity across firms of different sizes. This approach provides insight into the extent
to which donation decisions are sensitive to changes in tax policy, shedding light on the

effectiveness of charitable tax incentives in stimulating firm-level giving.

5 Results

5.1 Change in Ceiling

In this section we report the results of the difference-in-difference analysis employed for
the change in price ceiling.

Table 1 presents the results of our DiD analysis. We utilise a continuos measure of

12
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Figure 5: Pretrend Analysis for Difference-in-Difference

Notes: The Figure plots the average amount of charitable donations (normalized to one in 2018) separately for the
“control” firms (in blue) who do not face an increase in the maximum amount deductible following the 2018 reform and the
“treated” firms (in red) who, following the 2018 reform, faced a significant increase in the maximum amount deductible.
The treated firms are all firms with an annual revenue in 2018 between €1-2 million, the control group is made up of all
firms with an annual revenue in 2018 between €2-3 million. Charitable giving includes all the charitable donations declared
on tax returns.

Table 1: Difference-in-Difference Change in Price Ceiling

Donations/sales (with 0) Donate

Donations/sales (excluding 0)

(1) (2) (3) (4) () (6)

Treatment intensity 0.000470*** 0.000429*** -0.00783 0.00508 0.00117*** 0.00103***
x 1{t > 2019} (0.000) (0.000) (0.006)  (0.006)  (0.000) (0.000)
Year FE v v v v v v

Firm FE v v v v v v
Controls v v v
Observations 530,282 530,282 530,684 530,684 195,373 195,373
Cluster(firms) 77,751 77,751 77,751 77,751 49,303 49,303
Mean Dep Var 0.001 0.001 0.415 0.415 0.002 0.002

Sd Dep Var 0.011 0.011 0.493 0.493 0.018 0.018

Notes: * p<10, ** p<0.05, *** p<0.01. The time period is 2015-2022. Observations are at the firm-year level. Our sample
of analysis include all firms with an annual revenue between €1-3 million in 2018. The dependent variables are the sum of
donations including 0 over annual sales, the probability of donation, and the sum of donations excluding zeros over annual
sales. Columns (1) to (3) show the results of the difference in difference estimate. The vector of controls includes the
logarithm of average wages, as well as the firm sector of activity. All specifications control for year and firm fixed effects.
Standard errors are clustered at the firm level.

13



treatement intensity as defined in 1. Figures 5 and show the visual representations of
the treated and control groups pre and post reform. The treatment and control groups
follow closely prior to treatment, satisfying the parallel trends assumption.

The coefficients in Columns (1) and (2) indicate a significant positive relationship
between treatment intensity and the ratio of donations to sales. Specifically, a 0.000470
(Column 1) and 0.000429 (Column 2) increase is observed in this ratio for treated firms
after 2019. While this may seem like a relative small increase in charitable donations, it
is important to note that for the firms in our treatment group the average ratio is equal
to .001, and as such a coefficient of .000470 represents a 47% relative increase in the
dependent variable, which is substantial in this context.

Columns (3) and (4) present the impact on the probability of a firm donating. These
coefficients are not statistically significant, suggesting a weak effect on the extensive
margin.

Columns (5) and (6) presents the intensive margin results. The coefficients (0.00117
and 0.00103) are larger than those in Columns (1) and (2). As before, the coefficients
seem small at first glance, but in this case the value of .001 represents a 50% increase
relative to the average dependent variable value of .002. The results indicate that treated
firms responded strongly and positively on the intensive margin following the reform.

In order to better the heterogeneity of treatment effect over time we perform an event
study on each of our dependent variables for our DiD estimation. The graph for the event
study of the overall effect, is found in figure 6 while the graph for the intensive margin
effect can be found in 7. We find that the effect increases steadily over time, indicating
that firms may need time to adjust their giving behavior. However it is important to note
that these results must be interpreted with caution: the reform in 2019 likely affected
firms giving behavior further, in addition to the COVID-19 pandemic, which may also

have pushed firms to give more.

5.2 Instrumental Variable Approach

We then proceed to our estimation of the the Instrumental Variable approach as described
in 3 and 4. Table 2 presents the intensive margin results while 4 presents the extensive
margin results.

Columns (4) through (6) of Table 2 present the results of the intensive margin esti-
mates using the IV approach. Prior to accounting for the 5-spline in 2018 log sales, we
find an an effect equivalent to a 3% increase in the amount donated. Once we add the
income controls, this effect increases to an .11% increase in the amount donated for a 1%
increase in the predicted cap.

Columns (4) through (6) of Table 4 present the results of the extendive margin es-
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Figure 6: Event Study: DiD Overall Effect

Notes: The Figure plots the regression coefficients for the DiD analysis using binary treatment. The dependent variable
is the inverse hyperbolic sine transformation of charitable donations by firms. The period treated is 2015-2022.

0.040 ® Without controls @ With controls
0.020
(2]
<
0
§ ®
(]
[e]
©  0.000 o o
3
b [ ]
£ ?
k7]
w ®
-0.020
-0.040

2016 2017 2018 2019 2020 2021 2022
Figure 7: Event Study: DiD Intensive Margin Results

Notes: The Figure plots the regression coefficients for the DiD analysis using binary treatment. The dependent variable
is the inverse hyperbolic sine transformation of charitable donations by firms. The period treated is 2015-2022.
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Table 2: IV results: Intensive Margin

OLS 2SLS
(1) (2) (3) (4) (5) (6)
log(cap) 0.133** 0.107** 0.384** 0.046™* 0.049*** 0.152***
(0.005)  (0.005) (0.012)  (0.005) (0.005) (0.018)
Year FE v v v v v v
Firm FE v v v v v v
Controls v v v v
Income controls v v
F-Stat ) ) ) 73 9073 7920
Observations 308,814 308,814 308,512 308,814 308,814 308,512
Cluster(households) 73,878 73,878 73,784 73,878 73,878 73,784
Mean Dep Var 7.101 7.101 7.101 7.101 7.101 7.101
Sd Dep Var 1.521 1.521 1.521 1.521 1.521 1.521

Table 3: Notes: * p<10, ** p<0.05, *** p<0.01. The time period is 2015-2022. Observations are at the firm-year
level. Our sample of analysis include all firms with an annual revenue below 6 million euros. The dependent variable is
the log of the amount claimed by firm j in year ¢ (intensive margin). Columns (1) to (3) show the results of OLS estimate,
columns (4) to (6) that of the IV. The vector of controls includes the logarithm of average wages, as well as the firm sector
of activity. All specifications control for year and firm fixed effects. Standard errors are clustered at the firm level.

Table 4: TV Results: Extensive Margin

OLS 2SLS
1) ) () @ 5) ©)
log(cap) 0.029*** 0.016*** 0.054*** 0.006*** 0.006*** 0.037***
(0.001)  (0.001)  (0.002)  (0.001)  (0.001)  (0.004)
Year FE v v v v v v
Firm FE v v v v v v
Controls v v v v
Income controls v v
F-Stat . . . 32 256 231
Observations 1,106,377 1,106,377 1,105,012 1,106,377 1,106,377 1,105,012
Cluster(households) 144,035 144,035 143,824 144,035 144,035 143,824
Mean Dep Var 0.405 0.405 0.405 0.405 0.405 0.405
Sd Dep Var 0.491 0.491 0.491 0.491 0.491 0.491

Table 5: Notes: * p<10, ** p<0.05, *** p<0.01. The time period is 2015-2022. Observations are at the firm-year
level. Our sample of analysis include all firms with an annual revenue below 6 million euros. The dependent variable is the
probability that firm j gives in year ¢ (extensive margin). Columns (1) to (3) show the results of OLS estimate, columns (4)
to (6) that of the IV. The vector of controls includes the logarithm of average wages, as well as the firm sector of activity.
All specifications control for year and firm fixed effects. Standard errors are clustered at the firm level.
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timates using the IV approach, the dependent variable is probability of donating. Once
accounting for the all the controls we find a coefficient of .037. This can be interpreted as
a .037% increase the probability of donationg for every 1% increase in the predicted cap.
Applied to the context of the reforms, increasing the cap from €10,000 to €20,000—equiv-
alent to a 100% increase—would translate to a 2.56 percentage point increase in the
probability of donating, or a 6.4% increase relative to the mean donation probability of
40%.

5.3 Bunching analysis

We further analyze whether firms respond to the increase in the tax credit eligibility cap
by bunching at the kink point this cap creates. The underlying idea is that firms may
be inclined to make a donation up to the cap as they will be able to claim 60% of the
donated amount in tax credit, but no longer above this cap, as the tax credit rate falls to
zero. To explore this, we start by plotting the distribution of donations between €5,000
and €30,000 for the pre-reform period (2016-2018) both for firms whose sales are below
€4 million — i.e. firms that will benefit from a higher cap — and firms whose sales are
above €4 million.

Figure 8 plots the histogram. First, in both cases, we observe bunching at round
numbers (e.g. €10 thousand, €15 thousand, €20 thousand, etc.). This is reflective of
firms’ discretion regarding the amount they donate, as well as their image concerns when
giving to the extent that giving a round number may be better perceived by beneficiaries
and the general public.

Second, we note that while the mass at €20,000 grows only moderately following the
2019 reform for firms whose sales exceed €4 million (those unaffected by the change in
ceiling), the increase in mass is much larger among firms below this threshold, suggesting
that the increase in this latter group is largely due to the change in the tax reform.

In the present context, our goal is to estimate the amount of bunching to recover the
tax credit rate elasticity. To net out the bunching mass due to round-number bunching
from the bunching mass driven by the response to the change in marginal tax credit rate,
we systematically compare firms above and below the €4 million sales threshold, before
and after the reform.

Figure 9 shows the bunching elasticities associated with the €20,000 cap, derived
from Equation 5, over time for two subsamples of firms. In the pre-reform period, the
estimated elasticities for the two subsamples are very similar, suggesting that round-
number bunching is equally prevalent for the two sets of firms.

In contrast, the post reform period reveals notable differences. Among firms whose

sales exceed €4 million, the elasticities remain stable over the time, even following the
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Figure 8: Bunching at tax credit eligibility caps

Notes: The Figure plots the distribution of donated amounts around the tax credit eligibility caps for different periods. In
Panel 8a, the sample is restricted to firms with sales below €4 milllion. In Panel 8b only firms with sales above €4 milllion
are considered.
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Figure 9: Bunching elasticities over time

Notes: The Figure plots the distribution of donated amounts around the tax credit eligibility caps for different periods. In
Panel 8a, the sample is restricted to firms with sales below €4 milllion. In Panel 8b only firms with sales above €4 million
are considered.

reform, implying that round number bunching is stable over time. However, for the firms
with sales below €4 million, the estimated elasticity grows steadily over time. This is
consistent with the idea that this increase is driven by the response to the reform.
Panel B of Figure 9 highlights the yearly differences in elasticities between the two sub-
samples, with confidence intervals computed using the delta method. Before the reform,
the difference in elasticities fluctuates around zero, suggesting no significant distinction
between the two groups. In 2020, however, this difference jumps to approximately 0.25,
demonstrating a clear divergence driven by the reform. While the magnitude of the dif-
ference decreases slightly over time—reaching 0.15 by 2022—it remains substantial and
statistically significant. These findings illustrate that firms affected by the reform exhibit

significantly greater bunching behavior relative to those that were not.

5.4 Bunching heterogeneity and firms’ motives

To better understand the bunching behavior of firms, we extend our bunching analysis
to explore how the observed patterns vary across types of beneficiaries targeted by their
charitable contributions. Figure 10 presents the results.

We first consider whether firms give because they seek to promote their image. They
may do so by siding with a renowned organization as a large share of the public knows
of these organizations, and can immediately interpret firms’ donation as doing good.
We however do not find larger elasticities when considering firms giving to a leading
organization — here defined as one of the top five beneficiary (Restos du Coeur, Secours
Populaire, Croix Rouge, Emmaus, Secours Catholique).

Alternatively, firms may seek to tie closer relationships with organizations that are

in a position to make the firm more visible. This could be the motive behind giving
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Figure 10: Bunchign elasticities, by type of beneficiary

Notes: Figure 10a reports the bunching elasticities measured at the €20,000 kink points in the years 2020 to 2022 for
two sub-samples of firms: those with sales below €4 million, and those with sales above €4 million. Figure 10b report the
difference in estimates for each group. Confidence intervals are computed using the delta method.

to organizations in charge of organizing large events, like sport organizations. Yet, the
response of firms to tax incentives is only moderate regarding organizations related to
sport activities.

Firms may also seek to give to organizations whose activity aligns with the interests
of the firm. Donors may want to encourage organizations that, they think, will further
their interests. We explore this possibility by creating a group of beneficiaries that engage
with advocacy activities, and politics more broadly. In this case, we find elasticities that
tend to be larger, suggesting that firms may value the political activity of beneficiaries.

Finally, firms may only give to beneficiaries with which they have a closer relationship,
meaning that they have a large degree of influence over the beneficiary, and can potentially
use the funds as they see fit even after the donation. For example, firms may give to their
own foundation. In the present setting, we explore whether firms respond to incentives
by more when giving to a single beneficiary. They are more responsive when they give
to a single entity, as potentially the firm and the beneficiary have closer ties.

Figure 11 illustrates the differences in bunching behavior when donations are limited
according to the geographic reach of the beneficiaries. Specifically, Panel A displays the
bunching behavior for donations made to local associations, defined as those operating
exclusively within a single department. In this panel, we observe a pronounced bunching
for treated firms. While bunching is also present for control firms, it is considerably
smaller in magnitude—approximately half the size of the bunching observed for treated
firms, and it remains relatively stable pre and post reform, pointing to the fact that it is
largely due to round number bunching.

Panel B of Figure 11 presents similar graphs, but this time focusing on donations to
beneficiaries with a broader geographic reach, operating across multiple departments.

While the general patterns remain consistent with those observed for local associa-
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Figure 11: Bunching By Beneficiary Reach

Notes: The Figure plots the distribution of donated amounts around the tax credit eligibility caps for different beneficiary
types according to their reach. In Panel 11a, the sample is restricted to donations to associations that only operate within
one department, the left panel represents the treated firms while the right represents the control firms. In Panel 11b the
sample is restricted to donations to associations that only operate within one department, again, the left panel represents
the treated firms while the right represents the control firms.
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tions—in particular, treated firms exhibit more pronounced bunching compared to control
firms—it is noteworthy that the density of bunching at the threshold for treated firms

appears slightly lower, whereas the opposite trend is observed for control firms.

6 Conclusion

In this paper we analyse the effects of the 2018 and 2019 reforms to the tax incentives
for charitable donations by firms in France, using a comprehensive administrative tax
data for the universe of French firms. We use several different methodologies to estimate
the impact of the reforms, and how these may differ across firms and beneficiaireis. We
first use a Difference-in-Difference approach, in which we find that the reforms had a
significant effect, largely driven by the intensive margin. We find no significant evidence
of an effect on the extensive margin.

We then proceed to an Instrumental Variable approach using as an instrument the
predicted values of the donation ceiling. We find large intensive margin results-a 1%
increase in the predicted cap would lead to a .11% increase in the amount donated. We
also find relatively large effects on the extensive margin. In this case we estimate that a
1% increase would lead to a .037% increase in the probabilty of donation. In the case of
the reforms this would imply that the transition from the the €10,000 threshold to the
€20,000 threshold would lead to a 6.4% increase relative to the mean donation probability
of 40%.

We then proceed to a bunching analysis, to estimate the tax credit rate elasticity.
We show that the treated firms exhibit higher elasticities following the reforms, and that
these higher elasticities persist over time. We further the analysis by estimating how
the elasticity may change with beneficiary and firm charactersistics. We find that firms
exhibit higher elasticities when giving to political and public service assocaitaitons, rather
than to health and sports. We find that firms also show higher elasticities when they
give to a single beneficiary, showing that firms are more responsive to the tax incentives
in these cases, likely due to closer ties between the firms and the beneficiairies. We aslo
explore the relationship between the beneficiary being a local association—meaning that
it operates in a single department—or a broader association. We find that treated firms

seem to show slightly higher levels of bunching for firms that act locally.
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