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Background and Motivation

▶ Urban school districts in the United States allow a high degree
of school choice
▶ Choice among schools of varying quality

▶ But schools may also differ along horizontal dimensions, such
as curricular theme

▶ New York City high school program themes More details

▶ Arts and Design; Business, Hospitality, and Services; Computing
and Engineering; Media; Military and Law Enforcement;
Multicultural; Public Service, Law, and Social Justice; and
Science

▶ Humanities and Interdisciplinary
▶ Do families care about these themes when choosing high school

programs? Do we see sorting across themes along demographic
lines?
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Research Questions and Empirical Approach

1. How much weight do families place on curricular theme versus
other characteristics when choosing schools, and how does this
differ by race, income, and baseline achievement?

▶ Data: Rank-ordered applications to centralized assignment
system for NYC high schools

▶ Present descriptive evidence on application and enrollment
behavior with respect to theme

▶ Estimate a structural model of high school program application
choice, allowing me to identify theme preference
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Research Questions and Empirical Approach

1. How much weight do families place on curricular theme versus
other characteristics when choosing schools, and how does this
differ by race, income, and baseline achievement?

2. Does curricular differentiation increase or decrease segregation
and student welfare?

▶ Measure contribution of theme preference to segregation and
applicant utility by using model to simulate counterfactual high
school enrollments if all programs are general (i.e. not
differentiated by theme)
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Setting: Centralized NYC High School Match

▶ Students receive high school program directory

▶ Applicants rank up to 12 high school programs in order of
preference

▶ Schools have criteria for ranking students by priority levels (ties
broken by score or lottery)

▶ Students receive a single offer from a Deferred Acceptance
algorithm Description of algorithm

▶ This application system serves schools enrolling 70% of high
schoolers in NYC
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Administrative Data From NYC Department of Education

▶ Data on high school match and student demographics

▶ High school applications of NYC public school 8th grade
cohorts from 2011-12 to 2017-18 (N = 366,082)

▶ Applicant’s rank-ordered list of programs, priority / rank at each
program applied, offer

▶ Applicant high school enrollment, demographic characteristics,
baseline test scores, residential census tract

▶ Programs: public program directory including program
characteristics, including theme and admit method

▶ Public transit travel times
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Application and Enrollment Behavior by Race
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Estimating Theme Preference Using Structural Model

1. Model: applicants form lists sequentially, ranking their preferred
program among those worth ranking

2. Identify applicant preferences over programs (program utilities) from
observed choice of rank-ordered list

3. Identify contribution of each program characteristic to utility from
estimated utilities and applicant and program characteristics
▶ Theme preference coefficients = mean unexplained utility for

programs in each theme
▶ Controls include: public transit travel time, lagged student

characteristics (proportion high achieving, proportion
same-race), school size, school 4-year graduation rate, school
effective leadership rating, ...

▶ Estimate theme preference coefficient, relative to Humanities
and Interdisciplinary, for each race x income x baseline
achievement subgroup

Model of application choice Parametrization of indirect utility Identifying theme preference 6 / 12



Preference for Themed Programs, Relative to Humanities and
Interdisciplinary Programs ϕcell

All applicant groups prefer Humanities and Interdisciplinary relative to

themed programs, White and Asian applicants especially so.
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Simulate Counterfactual Assignment in Which Programs Are
Not Differentiated by Theme

▶ Recompute program utilities, removing the estimated theme
preference, relative to Humanities and Interdisciplinary,
component

▶ Simulate application, assignment, and enrollment

▶ Measure segregation and enrolled program utility in the
counterfactual assignment and enrollments versus the baseline

▶ Comparisons tell us the contribution of curricular differentiation
to segregation; whether students prefer curricular differentiation
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Counterfactual Results: Curricular Differentiation Slightly In-
creases Racial Segregation.
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Counterfactual Results: Mean Change in Assigned Program
Utility from Removing Curricular Differentiation

White, non-low income, high baseline achievement students are better off

by 4.6 minutes of public transit travel time. Black, low income, non-high

baseline achievement students are worse off by 3.4 minutes of public transit

travel time.
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Counterfactual Results: Proportion of Applicants Worse Off
Without Curricular Differentiation

About half of all Black applicants prefer their status quo assignment to the

counterfactual. Even in other groups that prefer the counterfactual

enrollment on average, a substantial minority prefer the status quo with

themes.

0.0 0.1 0.2 0.3 0.4 0.5
                              high achievement

          non-low-income, non-high achievement
                              high achievement

Asian,        low-income, non-high achievement
                              high achievement

          non-low-income, non-high achievement
                              high achievement

Black,        low-income, non-high achievement
                              high achievement

          non-low-income, non-high achievement
                              high achievement

Hispanic,     low-income, non-high achievement
                              high achievement

          non-low-income, non-high achievement
                              high achievement

White,        low-income, non-high achievement

11 / 12



Conclusion and Policy Implications

▶ Applicants care about theme, but curricular differentiation does
not substantially contribute to segregation

▶ Applicants on average may prefer general programs, but
substantial minority of students worse off without specialized
programs

▶ NYC: ↑ Humanities and Interdisciplinary capacity while
retaining specialized theme program capacity

▶ Findings on theme preferences + ongoing work on theme
enrollment effects on outcomes provide important evidence on
trade-offs involved in offering curricular differentiation

12 / 12



References

Abdulkadiroglu, Atila, Nikhil Agarwal, and Parag Pathak (2017).
“The Welfare Effects of Coordinated Assignment: Evidence
from the New York City High School Match?” In: American
Economic Review 107.12, pp. 3635–3689.

Abdulkadiroglu, Atila, Joshua Angrist, et al. (2017). “Research
Design Meets Market Design: Using Centralized
Assignment for Impact Evaluation”. In: Econometrica 85.5,
pp. 1373–1432.

— (2022). “Breaking Ties: Regression Discontinuity Design
Meets Market Design”. In: Econometrica 90.1, pp. 117–151.

Abdulkadiroglu, Atila, Parag Pathak, et al. (2020). “Do Parents
Value School Effectiveness?” In: American Economic Review
110.5, pp. 1502–1539.

Agarwal, Nikhil and Paulo Somaini (2018). “Demand Analysis
Using Strategic Reports: An Application to a School
Choice Mechanism”. In: Econometrica 86.2, pp. 391–444.



Ajayi, Kehinde and Mobido Sibide (2020). “School Choice Under
Imperfect Information”. In: Working Paper.

Allende, Claudia (2021). “Competition Under Social Interactions
and the Design of Education Policies”. In: Working Paper.

Bau, Natalie (2022). “Estimating an Equilibrium Model of
Horizontal Competition in Education”. In: Journal of Political
Economy 130.7, pp. 1921–1947.

Bifulco, Robert, Casey Cobb, and Courtney Bell (2009). “Can
Interdistrict Choice Boost Student Achievement? The Case
of Connecticut’s Interdistrict Magnet School Program”. In:
Educational Evaluation and Policy Analysis 31.4, pp. 323–345.

Billings, Stephen, Eric Chyn, and Kareem Haggag (2021). “The
Long-Run Effects of School Racial Diversity on Political
Identity”. In: AER: Insights 3.3, pp. 267–284.

Billings, Stephen, David Demings, and Jonah Rockoff (2014).
“School Segregation, Educational Attainment, and Crime:
Evidence from the End of Busing in
Charlotte-Mecklenburg”. In: The Quarterly Journal of Economics
129.1, pp. 435–476.



Black, Sandra (1999). “Do Better Schools Matter? Parental
Valuation of Elementary Education”. In: The Quarterly Journal
of Economics 114.2, pp. 577–599.

Bloom, Howard and Rebecca Unterman (2014). “Can Small High
Schools of Choice Improve Educational Prospects for
Disadvantaged Students?” In: Journal of Policy Analysis and
Management 33.2, pp. 290–319.

Brunner, Eric, Shaun Dougherty, and Stephen Ross (2021). “The
Effects of Career and Technical Education: Evidence from
the Connecticut Technical High School System”. In: NBER
Working Paper 28790.

Buder, Leonard (1975). “‘Magnet’ High Schools in City Are
Pulling”. In: The New York Times.

Burgess, Simon, Ellen Greaves, et al. (2014). “What Parents
Want: School Preferences and School Choice”. In: The
Economic Journal 125.587, pp. 1262–1289.

Burgess, Simon and Lucinda Platt (2021). “Inter-ethnic relations
of teenagers in England’s schools: the role of school and
neighbourhood ethnic composition”. In: Journal of Ethnic and
Migration Studies 47.9, pp. 2011–2038.



Caetano, Gregorio and Hugh Macartney (2021). “What determines
school segregation? The crucial role of neighborhood
factors”. In: Journal of Public Economics 193, pp. 2–19.

Calsamiglia, Catarina, Chao Fu, and Maia Guell (2020).
“Structural Estimation of a Model of School Choices: The
Boston Mechanism versus Its Alternatives”. In: Journal of
Political Economy 128.2, pp. 642–680.

Card, David and Jesse Rothstein (2007). “Racial Segregation and
the Black-White Test Score Gap”. In: Journal of Public
Economics 91.11-12, pp. 2158–2184.

Chade, Hector and Lones Smith (2006). “Simultaneous Search”.
In: Econometrica 74.5, pp. 1293–1307.

Corcoran, Sean et al. (2018). “Leveling the Playing Field for
High School Choice: Results from a Field Experiment of
Informational Interventions”. In: NBER Working Paper 24471.

Crespin, Rene (2023). “The Value of School Social Climate
Information: Evidence from Chicago Housing
Transactions”. In: Working Paper.

Davis, Donald et al. (2019). “How Segregated is Urban
Consumption?” In: Journal of Political Economy 127.4,
pp. 1684–1738.



Disare, Monica (June 6, 2017). “City to eliminate high school
admissions method that favored families with time and
resources”. In: Chalkbeat. url:
https://ny.chalkbeat.org/2017/6/6/21103485/city-to-eliminate-high-
school-admissions-method-that-favored-families-with-time-and-
resources.

Dobbie, Will and Roland Fryer (2013). “Getting Beneath the Veil
of Effective Schools: Evidence from New York City”. In:
American Economic Journal: Applied Economics 5.4, pp. 28–60.

Domina, Thad et al. (2021). “The Kids on the Bus: The
Academic Consequences of Diversity-Driven School
Reassignments”. In: Journal of Policy Analysis and Management
40.4, pp. 1197–1229.

Domina, Thurston et al. (2021). “The Kids on the Bus: The
Academic Consequences of Diversity-Driven School
Reassignments”. In: Journal of Policy Analysis and Management
40.4, pp. 1197–1229.

Dougherty, Shaun (2018). “The Effect of Career and Technical
Education on Human Capital Accumulation: Causal
Evidence from Massachusetts”. In: Education Finance and
Policy 13.2, pp. 119–148.

https://ny.chalkbeat.org/2017/6/6/21103485/city-to-eliminate-high-school-admissions-method-that-favored-families-with-time-and-resources
https://ny.chalkbeat.org/2017/6/6/21103485/city-to-eliminate-high-school-admissions-method-that-favored-families-with-time-and-resources
https://ny.chalkbeat.org/2017/6/6/21103485/city-to-eliminate-high-school-admissions-method-that-favored-families-with-time-and-resources


Eaton, Susan (2007). The Children in Room E4.
Ecton, Walter and Shaun Dougherty (2023). “Heterogeneity in

High School Career and Technical Education Outcomes”.
In: Educational Evaluation and Policy Analysis 45.1, pp. 157–181.

Frankenberg, Erica and Chinh Le (2008). “The Post-Parents
Involved Challenge: Confronting Extralegal Obstacles to
Integration”. In: Ohio State Law Journal 69.5, pp. 1015–1072.

Gilraine, Michael, Uros Petronijevic, and John Singleton (2021).
“American Economic Journal: Economic Policy”. In: Journal
of Political Economy 13.3, pp. 239–276.

Goldring, Ellen and Claire Smrekar (2000). “Magnet Schools and
the Pursuit of Racial Balance”. In: Education and Urban Society
33.1, pp. 17–35.

Haeringer, Guillaume and Flip Klijn (2009). “Constrained School
Choice”. In: Journal of Economic Theory 144.56, pp. 1921–1947.

Hahm, Dongwoo and Minseon Park (2022). “A Dynamic
Framework of School Choice Effects of Middle Schools on
High School Choice”. In: Working Paper.



Hailey, Chantal (2022). “Racial Preferences for Schools:
Evidence from an Experiment with White, Black, Latinx,
and Asian Parents and Students”. In: Sociology of Education
95.2, pp. 110–132.

Hastings, Justine, Thomas Kane, and Douglas Staiger (2008).
“Heterogeneous Preferences and the Efficacy of Public
School Choice”. In: Working Paper.

Hemphill, Clara and Kim Nauer (2009). The New Marketplace:
How Small-School Reforms and School Choice Have
Reshaped New York City’s High Schools. The New School
Center for New York City Affairs.

Idoux, Clemence (2021). “Integrating New York City Schools:
The Role of Admission Criteria and Family Preferences”. In:
Working Paper.

Jacob, Brian and Michael Ricks (2023). “Why Choose Career
Technical Education? Disentangling Student Preferences
from Program Availability”. In: Working Paper.

Kirkeboen, Lars J., Edwin Leuven, and Magne Mogstad (2016).
“Field of Study, Earnings, and Self-Selection”. In: The
Quarterly Journal of Economics 131.3, pp. 1057–1112.



Ladd, Helen, Charles Clotfelter, and John Holbein (2015). “The
Growing Segmentation of the Charter School Sector in
North Carolina”. In: NBER Working Paper 21078.

Larroucau, Tomas and Ignacio Rios (2020). “Do “Short-List”
Students Report Truthfully? Strategic Behavior in the
Chilean College Admissions Problem”. In: Working Paper.

Laverde, Mariana (2022). “Distance to Schools and Equal
Access in School Choice Systems”. In: Working Paper.

Lefty, Lauren (2021). The Long Fight for Educational Equity in
NYC. Last accessed 2024-06-09. Museum of the City of New York.
url: https://www.mcny.org/story/long-fight-educational-equity-nyc.

Margolis, Jesse, Daniel Dench, and Shirin Hashim (2023).
“Economic and Racial Integration Through School Choice
in New York City”. In: Educational Evaluation and Policy Analysis
45.1, pp. 182–190.

Massey, Douglas and Nancy Denton (1988). “The Dimensions of
Residential Segregation”. In: Social Forces 67.2, pp. 281–315.

McCulloch, Robert, Peter Rossi, and Greg Allenby (1996). “The
Value of Purchase History Data in Target Marketing”. In:
Marketing Science 15.4, pp. 321–340.

https://www.mcny.org/story/long-fight-educational-equity-nyc


McCulloch, Robert E. and Peter Rossi (1994). “An Exact
Likelihood Analysis of the Multinomial Probit Model”. In:
Journal of Econometrics 64.1-2, pp. 207–240.

Monarrez, Tomas (2023). “School Attendance Boundaries and
the Segregation of Public Schools in the United States”. In:
American Economic Journal: Economic Policy 15.3, pp. 210–237.

Monarrez, Tomas, Brian Kisada, and Matthew Chingos (2022).
“The Effect of Charter Schools on School Segregation”. In:
American Economic Journal: Economic Policy 14.1, pp. 301–340.

Morgan, Malcolm et al. (2023). OpenTripPlanner. Version 1.5; 2.3.
url: https://www.opentripplanner.org.

New York City Department of Education (2022a). Demographic
Snapshot (2006-12, 2011-16, 2013-16, 2018-19, 2019-20).
Last accessed 2023-03-01.

— (2022b). DOE High School Directories, 2010-11 through
2019-20. Last accessed 2023-02-01.

— (2022c). Graduation results for Cohorts 2001 to 2011, 2012
to 2019. Last accessed 2023-03-01.

— (2022d). School Quality Reports, 2010-11 through 2019-20.
Last accessed 2023-03-01.

https://www.opentripplanner.org


New York State Education Department (2024). NY State Public
School Enrollment (2022 - 23). Last accessed 2024-06-09. url:
https://data.nysed.gov/enrollment.php?state.

NYC Department of Education (2023). High School. Last accessed
2024-06-09. url: https://www.schools.nyc.gov/enrollment/enroll-
grade-by-grade/high-school.

— (2024a). DOE Data at a Glance. Last accessed 2024-06-09. url:
https://www.schools.nyc.gov/about-us/reports/doe-data-at-a-
glance.

— (2024b). National Assessment of Educational Progress
(NAEP) Mathematics and Reading. Last accessed 2024-06-09.
url: https://infohub.nyced.org/docs/default-source/default-
document-library/2022-naep-nyc-results---webdeck---accessible.pdf.

Office of Elementary and Secondary Education (2024). Magnet
Schools Assistance Program. Last accessed 2024-06-09. url:
https://oese.ed.gov/offices/office-of-discretionary-grants-support-
services/school-choice-improvement-programs/magnet-school-
assistance-program-msap/.

Oosterbeek, Hessel, Sandor Sovago, and Bas van der Klaauw (2021).
“Preference heterogeneity and school segregation”. In:
Journal of Public Economics 197, pp. 1–26.

https://data.nysed.gov/enrollment.php?state
https://www.schools.nyc.gov/enrollment/enroll-grade-by-grade/high-school
https://www.schools.nyc.gov/enrollment/enroll-grade-by-grade/high-school
https://www.schools.nyc.gov/about-us/reports/doe-data-at-a-glance
https://www.schools.nyc.gov/about-us/reports/doe-data-at-a-glance
https://infohub.nyced.org/docs/default-source/default-document-library/2022-naep-nyc-results---webdeck---accessible.pdf
https://infohub.nyced.org/docs/default-source/default-document-library/2022-naep-nyc-results---webdeck---accessible.pdf
https://oese.ed.gov/offices/office-of-discretionary-grants-support-services/school-choice-improvement-programs/magnet-school-assistance-program-msap/
https://oese.ed.gov/offices/office-of-discretionary-grants-support-services/school-choice-improvement-programs/magnet-school-assistance-program-msap/
https://oese.ed.gov/offices/office-of-discretionary-grants-support-services/school-choice-improvement-programs/magnet-school-assistance-program-msap/


Quint, Janet C. et al. (2010). New York City’s Changing High
School Landscape: High Schools and Their Characteristics,
2002-2008. MDRC.

Rao, Gautam (2019). “Familiarity Does Not Breed Contempt:
Generosity, Discrimination, and Diversity in Delhi Schools”.
In: American Economic Review 109.3, pp. 774–809.

Reardon, Sean, Demetra Kalogrides, and Kenneth Shores (2019).
“The Geography of Racial/Ethnic Test Score Gaps”. In:
American Journal of Sociology 124.4, pp. 1164–1221.

Rossell, Christine (2003). “The Desegregation Efficiency of
Magnet Schools”. In: Urban Affairs Review 38.5, pp. 697–725.

Sattin-Bajaj, Carolyn et al. (2018). “Surviving at the Street
Level: How Counselors’ Implementation of School Choice
Policy Shapes Students’ High School Destinations”. In:
Sociology of Education 91.1, pp. 46–71.

Taylor, Kate (June 6, 2017). “Long-Awaited Plan for Integrating
Schools Proves Mostly Small-Bore”. In: The New York Times.
url: https://www.nytimes.com/2017/06/06/nyregion/long-awaited-
plan-for-integrating-schools-proves-mostly-small-bore.html.

https://www.nytimes.com/2017/06/06/nyregion/long-awaited-plan-for-integrating-schools-proves-mostly-small-bore.html
https://www.nytimes.com/2017/06/06/nyregion/long-awaited-plan-for-integrating-schools-proves-mostly-small-bore.html


United States Census Bureau (2023). Centers of Population by
Census Tract, New York (2010,2020). Last accessed
2023-03-01.

Walters, Christopher (2018). “The Demand for Effective Charter
Schools”. In: Journal of Political Economy 126.6, pp. 2179–2223.

Wiswall, Matthew et al. (2014). “Does attending a STEM high
school improve student performance? Evidence from New
York City”. In: Economics of Education Review 40, pp. 93–105.



Appendix



NYC High School Program Themes

Theme N

Arts and Design 168
Business, Hospitality, and Services 65
Computing and Engineering 129
Humanities and Interdisciplinary 251
Media 40
Military and Law Enforcement 15
Multicultural 33
Public Service, Law, and Social Justice 74
Science 160
All 935

Back





Deferred Acceptance Algorithm

Until every student is assigned, or has exhausted their ranked list:

▶ Each student proposes to their best choice. School assigns all
of their seats in priority order. Ties are broken by lottery
number or score. Students are rejected if there are no seats left.

▶ The previous step is repeated, with rejected students now
proposing to their next best school (students assigned in the
last round propose to the same school).

Unassigned students participate in a supplementary round, and
remaining students are manually placed. Back



NYC HS Application Summary Stats

▶ Median list length: 7

▶ Median theme concentration: .5

▶ Median distinct themes: 3

▶ 83% rank fewer than 12 programs

▶ 92% receive an assignment in the main round

▶ 46% are assigned their first choice in the main round

▶ 80% ultimately enroll in their main round offer

▶ Most programs are filled to capacity and are observed rejecting
people

Back



Segregation Index (Massey and Denton 1988)

Same-group exposure SGEi ,unit : proportion in same race, income, or
achievement group as applicant i in their unit. Then, the
cross-program segregation index is:

SI = 1
N

N∑
i

SGEi ,program − SGEi ,city
1 − SGEi ,city

Back to counterfactual cross-program segregation



Model of Applicant Behavior: Limited Rationality (Idoux 2021)

▶ Checking optimality of chosen list under full rationality is
intractable

▶ Assume applicants choose a program for each rank sequentially,
among programs worth ranking (vij × pijk ≥ ci)

▶ Applicants myopic, don’t consider how choice for one list slot
affects consideration sets for list slots further down

▶ Mirrors DOE’s instructions to choose programs in order of
preference, but include a mix of high-demand, middle-demand,
and low-demand programs

▶ Implies a set of bounds on indirect utilities and application
costs
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Parametrization of Indirect Utility

vij := δcell(i),j + θboro(i),boro(j) + Xij,t(i)−1βcell(i) − dij + γcell(i),ms(i),t(i),theme(j) + ϵij

▶ cell(i) : the race x income x achievement demographic cell of student i
▶ δcell(i)j : demographic cell x program FE
▶ θboro(i),boro(j): residential borough x program borough FE

▶ Xij,t(i)−1 : lagged time-varying program characteristics

▶ prop. high baseline achievement peers, prop. same-race peers

▶ dij : public transit travel time from i ’s census tract to program j
▶ γcell(i),ms(i),t(i) ∼ MultivariateNormal(0, Σγ): cell x middle school

cohort-level unobserved theme preference
▶ ϵij ∼ N(0, σϵ) : i.i.d. error term

Normalize outside option vi0 = 0, coefficient on distance = −1 Back



Learning About Theme Preference From Program Preference

▶ Estimate cell x program FE δcell ,j

▶ Decompose into component explained by program observables
Xj (school size, 4-year grad rate, effective leadership rating,
program prop. low-income), and theme component

▶ Theme preference coefficients αcell ,theme

δcell ,j = αcell ,theme(j) + ηXj + ρcell + υcell ,j

▶ Coefficient for any theme, relative to humanities and
interdisciplinary ϕcell

δcell ,j = ϕcell [theme(j) ̸= Hum.] + ηXj + ρcell + ξcell ,j

Back



Theme Coefficient Estimates αcell ,theme
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Notes: From left to right, the plotted themes are Arts and Design; Business, Hospitality, and Services; Computing
and Engineering; Media; Military and Law Enforcement; Multicultural; Public Service, Law, and Social Justice; and
Science. Estimates relative to Humanities and Interdisciplinary. Back



Preference for Other Themed Programs, Relative to Humanities
and Interdisciplinary and Science Programs ϕcell
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Results: Top Three Themes

Cell 1st favorite theme 2nd favorite theme 3rd favorite theme

Asian, non-low-income, high achievement Computing and Engineering Humanities and Interdisciplinary Science

Asian, non-low-income, non-high achievement Multicultural Humanities and Interdisciplinary Science

Asian, low-income, high achievement Science Computing and Engineering Humanities and Interdisciplinary

Asian, low-income, non-high achievement Multicultural Science Computing and Engineering

Black, non-low-income, high achievement Science Humanities and Interdisciplinary Public Service, Law, and Social Justice

Black, non-low-income, non-high achievement Science Humanities and Interdisciplinary Public Service, Law, and Social Justice

Black, low-income, high achievement Science Public Service, Law, and Social Justice Humanities and Interdisciplinary

Black, low-income, non-high achievement Science Public Service, Law, and Social Justice Humanities and Interdisciplinary

Hispanic, non-low-income, high achievement Science Humanities and Interdisciplinary Computing and Engineering

Hispanic, non-low-income, non-high achievement Humanities and Interdisciplinary Public Service, Law, and Social Justice Multicultural

Hispanic, low-income, high achievement Science Humanities and Interdisciplinary Computing and Engineering

Hispanic, low-income, non-high achievement Humanities and Interdisciplinary Science Public Service, Law, and Social Justice

White, non-low-income, high achievement Humanities and Interdisciplinary Science Computing and Engineering

White, non-low-income, non-high achievement Humanities and Interdisciplinary Media Business, Hospitality, and Services

White, low-income, high achievement Science Humanities and Interdisciplinary Computing and Engineering

White, low-income, non-high achievement Humanities and Interdisciplinary Multicultural Computing and Engineering
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Other Parameter Estimates

▶ Substantial unobserved preference heterogeneity: estimate
taste shock variance σϵ = 7.4

▶ Marginal cost mean c = 0.009, marginal cost variance
σc = 0.00004

▶ Unobserved preference for Military and Law Enforcement or
Multicultural theme positively correlated within cell x middle
school cohort, negatively correlated with unobserved preference
for other themes

Cell x middle school cohort unobserved theme preference covariance Σγ estimates

▶ Peer preferences vary by demographic group
Peer preference coefficient β estimates
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Scalar Parameter Estimates

Taste shock variance σϵ Marginal cost mean c Marginal cost variance σζ

7.329041 0.008879 0.000043

(0.016837) (0.000018) (0.000000)
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Results: Peer Preference Coefficients

βcell,prop. high-achieving peers assigned program j in year t − 1
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Middle School Cohort Unobserved Theme Preference Covariance
Matrix Σγ

Arts Business, Hospitality, Computing and Humanities and Military and Law Multi- Public Service, Law,

and Design and Services Engineering Interdisciplinary Media Enforcement cultural and Social Justice Science

Arts and Design 2.34 0.25 0.24 0.63 0.39 -3.61 -0.47 0.01 0.33

(0.05) (0.03) (0.03) (0.03) (0.02) (0.15) (0.04) (0.03) (0.03)

Business, Hospitality, and Services 0.25 0.71 0.32 0.50 0.11 -2.55 0.02 0.29 0.40

(0.03) (0.02) (0.02) (0.02) (0.02) (0.10) (0.02) (0.01) (0.02)

Computing and Engineering 0.24 0.32 1.15 0.53 0.18 -3.05 -0.27 0.34 0.65

(0.03) (0.02) (0.03) (0.02) (0.02) (0.10) (0.02) (0.01) (0.02)

Humanities and Interdisciplinary 0.63 0.50 0.53 1.33 0.14 -4.21 -0.01 0.25 0.96

(0.03) (0.02) (0.02) (0.03) (0.02) (0.12) (0.03) (0.02) (0.02)

Media 0.39 0.11 0.18 0.14 0.55 -1.47 -0.07 0.10 0.09

(0.02) (0.02) (0.02) (0.02) (0.02) (0.09) (0.02) (0.01) (0.02)

Military and Law Enforcement -3.61 -2.55 -3.05 -4.21 -1.47 20.05 -0.24 -1.64 -3.71

(0.15) (0.10) (0.10) (0.12) (0.09) (0.64) (0.10) (0.08) (0.10)

Multicultural -0.47 0.02 -0.27 -0.01 -0.07 -0.24 1.28 -0.17 -0.08

(0.04) (0.02) (0.02) (0.03) (0.02) (0.10) (0.04) (0.02) (0.02)

Public Service, Law, and Social Justice 0.01 0.29 0.34 0.25 0.10 -1.64 -0.17 0.53 0.34

(0.03) (0.01) (0.01) (0.02) (0.01) (0.08) (0.02) (0.01) (0.01)

Science 0.33 0.40 0.65 0.96 0.09 -3.71 -0.08 0.34 1.12

(0.03) (0.02) (0.02) (0.02) (0.02) (0.10) (0.02) (0.01) (0.02)
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